HA1E H AW AN NE A N Vol.41 No.4
2019 F 4 H Infrared Technology Apr. 2019
(ecsh R )

ETIRLISMNEGRIBRA A R RSN R 21

CREERY: AR AZMESEE TRYEE, RHE 300072)

WE: ERAENZARZHTRF AR —ANEEHT T, MATRIES) 2. RO HE
AT —MENRXARERRMNAER, A TRBEEKARRANEBITEE, T T RN AFAE S5
WA, FEATREGRAWANERE, ELT —MNEOSIANRFERE. LR HEITOIMEER L
K LB ER, AT ARSE AN, KEHAANANEHE L. REENATHABEN, Hdr
Yarg T NEMAEF AR EER. ETRERLA: ENELHT,. ZANAJCFAE 5N g7
KE| T 95%, FAFMRE HIARNERE LA 94%, BA R EEME.

XHEIR): M BNR; ERRIN; AJRRHAE SN

hESES: TP391 XEkFRIRED: A Y EHS: 1001-8891(2019)04-0377-06

SuU Yuting, CHEN Yao, LYU Wei
(School of Electrical and Information Engineering, Tianjin University, Tianjin 300072, China)

Abstract: On-the-job detection is an important research direction for video analytics in the field of modern
security, with a wide range of applications. This study designs and implements an embedded personnel
on-the-job detection system. To improve the running speed of this embedded system, we proposed an
improved face landmarks detection method, and to improve the accuracy of detection by the system, we
established a near-infrared face database. This system initially collects real-time images through a
near-infrared camera; subsequently, it performs face landmark detection to obtain the facial information of
the detected person. According to predefined rules to identify violations, the system decides whether an
illegal action has occurred and sends out alarm. The experimental results show that the accuracy of face
landmark detection by the system reached 95% under the specified conditions, and the detection accuracy
rate for two abnormal conditions exceeded 94%, both while maintaining a good real-time performance.
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Embedded Personnel On-the-job Detection System Based on Near-infrared Image
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Fig.2 Example of a camera and its installation location
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Fig.4 The process of landmarks regression
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Fig.5 Bright spot detection effect
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Fig.8 Effect picture of face landmarks detection
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