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Multi-scale Object Tracking Based on Spatio-temporal Context

LI Zeren, JI Feng, CHANG Xia, WU Yangyu
(School of Mathematics and Information Science, North Minzu University, Yinchuan 750021, China)

Abstract: Correlation filter has been great applied in visual tracking. Aiming at the drift problem in complex
situations, a multiple scale tracking method is proposed. Firstly, spatio-temporal context model is used to
output the precise location of object by the confidence map. Secondly, the scale estimation is obtained by a
trained correlation filter. Finally, based on the new location and scale, a new update mechanism of the
spatio-temporal context model is proposed. Experimental results show that the proposed algorithm can
complete the robust tracking under the condition of scale changes, partial occlusion, pose variations, etc.
Tracking precision is improved by 38.4% compared with the original spatio-temporal context tracking
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method.
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Table 2 Mean center position error comparison/pixel
Sequence Proposed STC CT MIL
Car4 7.2 235 29.5 434
Dogl 5.7 4.6 14.8 19.1
Suv 11.2 331 75.4 63.6
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David 12.5 10.3 29.6 334
Deer 18.3 36.2 53.1 46.5
Average CLE 10.3 23.7 39.3 41.63
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Table 3  Average tracking speeds of algorithm contrast
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Fig.3 Partial tracking results of different algorithms
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