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Single Image Super Resolution Method Based on Multi-scale
Self-similarity and Non Local Means

LIU Zhe, HUANG Shigi, JIANG Jie
(Department of Electronic and Information Engineering, Xijing University, Xi’an 710123, China)

Abstract: In this paper, a new single image super resolution algorithm is proposed based on multi-scale local
self-similarity and non local means. This algorithm does not rely on an external example database nor use the
whole input image as a source for example patches. Instead, similar patches are extracted from extremely
localized region in the input image, similar patches are weighted summed to estimate the image to be
restored using a non-local mean algorithm, and then high frequency detail image of the most similar patch is
added to the restored image to obtain a high-resolution image. Experimental results show that the proposed
algorithm can not only reconstruct the high frequency details of the image, but also restore the texture

features of the image.
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