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Abstract: Pedestrian detection is a classic issue of computer vision. For the pedestrian detection problems in
a single infrared image, this paper proposes a pedestrian detection method based on objectness, sparse
coding and spatial pyramid matching. The algorithm can be divided into three phases. Firstly, the saliency
map is computed based on spectral residual, and the paper presents an objectness score computation based
on saliency map and selects regions of interest according to the score of different sub-windows. Secondly,
scale-invariant feature transform, sparse coding and spatial pyramid matching are used to extract the feature
vectors of the regions of interest. Finally, linear support vector machine is used to build a classifier and
detect pedestrian in each region of interest. The experimental results verify the effectiveness of objectness
score computation and the proposed algorithm for infrared images.
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pyramid matching
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Fig.1  Flowchart of ROI detection algorithm
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Fig.4 Infrared images for pedestrian detection
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Table 1 Recognition rates based on the first set of training samples
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Fig.7 Results of pedestrian detection
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