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An Algorithm for Animal Edge Detection in Forest Infrared Image

HU Gangyi, QIN Mingming, RONG Jian
(College of computer and information, Southwest forestry university, Kunming 650224, China)

Abstract: This paper proposes an algorithm based on genetic algorithm and considering the spatial distance
factor to design the template parameters of cellular neural networks. Then this algorithm is used to realize
the animal edge detection in forest infrared image. The simulation results show that: comparing with other
edge detection algorithm in forest infrared image, this algorithm can effectively suppress noise on edge
detection, and preserve the edge information. It can detect the infrared image edge of the animal much better.
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The detection precision is high, which has a good application prospect.
Key words: forest infrared image, animal edge detection, cellular neural network, spatial distance
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Fig.2 The flow chart which is used the cellular neural network for animal edge detection in forest infrared image(The CNN templates are

designed by GA algorithm based on space)
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