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Multi-scale Compression Perception Tracking under Occlusion

ZHANG Li-juan, JIfeng, CHANG Xia, LI Ze-ren

(Northern University for Nationalities, Mathematics and Information Science, Yinchuan 750021, China)

Abstract: In order to deal with the drift problem by updating error in current online learning tracking
algorithms, a new adaptive update tracking algorithm is proposed. First of all, based on the efficiency of
compressed sensing, the multi-scale image feature space is decreased, and multi-scale samples are exacted to
update the target scale. Secondly, a naive Bayes classifier is trained by low dimension image features from
positive and negative samples. Experimental results show that the proposed algorithm can complete the
robust tracking under the condition of scale changes, partial and full occlusion, illumination changes, etc.
Tracking successful rate is improved by 20.3% compared with the original compressive tracking.
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Fig.1 Feature extraction of random projection matrix
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