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Abstract: To improve the quality of image segmentation, this paper proposed a kernel function of support
vector machine algorithm. Firstly, pixel classification intervals were searched through optimal classification,
and sample nonlinear space was mapped into high dimensional one; Secondly, Gauss radial basis kernel
function was selected as local kernel function, polynomial kernel function was selected as global kernel
function , then, combination coefficient was used to balance weight of Gauss kernel function and polynomial
kernel function in order to satisfy continuity requirements for training support vector value. Thirdly,
neighborhood gray mean pixel was used as features of segmentation, irregularity was used to collect
statistics of discrete degree of image gray mean connected region. Finally, the algorithm flow was given.
Simulation shows that this algorithm for image segmentation is clear, the target area is very outstanding, the
qualitative analysis index normalized cross correlation coefficient is 0.9946, time is 0.7512, and false rate is
0.0237.
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Table 1 Qualitative analysis of image 1
AT NC SrEINTE)s REEE
BT 0.9213 1.1219 0.1246
GA 0.9348 1.0937 0.1090
ARG  0.9689 0.9156 0.1135
FMC 09213 0.8996 0.0967
SVM  0.9946 0.7512 0.0361
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