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Abstract: In order to improve the efficiency of infrared monitoring on power system equipment and
monitoring multiple targets at the same time, an improved substation equipment infrared image
recognition method based on Binary Robust Invariant Scalable Keypoints (BRISK) is proposed. The
method first extracts the feature points of the template image and the monitored image using BRISK
algorithm, and generates the binary descriptors; then applies a sliding detection window to search the
multiple suspected target areas, then determines the correct matching points by Hamming distance; so we
can locate the target area on the monitored image. Some experiments are taken to investigate the
performance of the method; the result shows that this method can significantly reduces the amount of
computation, fully meets the requirements of real-time systems. This method improves the efficiency of
infrared monitoring on power system equipment.
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Fig.4 Using BRISK algorithm for infrared image keypoints detection
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Fig.5 Traversal rules of the template in the monitoring image
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Fig.6 The insulator infrared image recognition experiment
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